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Fig. 2. Configuration of the LVQ for prediction of weed
spatial existence. (X, Y): coordinate of sampled points, W:
code vectors matrix. W,,;,: label of winner code vector.
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Table 1. Recognition error of LVQ and MLP neural network in training and test phases.
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WD, and WD,: weed density in class 1 and 2, respectively.
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Table 2. Statistical comparisions between the observed and estimated weed density by MLP and LVVQ neural networks.

Network goals for Network
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VA oolisl b jum dile (S e (LA angs

classification utilization phase .. .. .. Network
comparlslons Of comparlslons Of comparlslons Of
. L type
means variance sdistribution
Trainine Phasc 0.852 0.789 1.000 LVQ
WD,=0, WD, >0 g 0.000 0.000 0.073 MLP
1.000 1.000 1.000 LVQ
Test Phase 0.008 0.000 0.548 MLP
Trainine Phase 0.692 0.323 1.000 LVQ
WD,<2, WD, >2 g 0.001 0.000 0.828 MLP
1.000 1.000 1.000 LVQ
Test Phase 0.003 0.000 0.548 MLP
Trainine Phase 0.870 0.596 1.000 LVQ
WD;<4, WD, >4 & 0.005 0.000 0.967 MLP
1.0000 1.000 1.000 LVQ
Test Phase 0.563 0.002 1.000 MLP

s ooliisl _iske ALY Sl ogmas ey i aid oLy
ey Oy dine ;5 329 I b Jg .(Rohani et al, 2011)
oz i LVQ wae a5 1y MLP uae S ol
Sglite bulpd 3 Wl oo (sas el & 88 ol 55 50
Zhang et al, ) sl awsly jlasl 5l jed > g piite Yl ol
.(2008; Olden et al, 2004 ; Filippi and Jensen, 2006
‘(,'-_v_.{l) LSL“’J-\" L Cund (omas e Ol Oﬁ] Syl D Lol
(Dawson et al, 2006; Yu et al, 2006) sl o5l )l (5,5,

Al Ble lse pa) 58 sladdis
s S0t Loy o 4l 5ym cile Sl ST, 4t
ol 03l L ¥ ISl 30 04 a9 SWSMLP ,LVQ
alimwl as bl a5 5ym cale Cumes lanl S5 ol 3 ol
cide (gl 5 (459 yao) jpp cile BB mer WS 93 4 Hho
JSs 3 (e sb ca ¥ S) b i (] SloAd § s o0
s dile Cumer iS4l gh @V S8 2 gy FoedY
Aol 00 maw i @pe yio > G ¥ g ¥ diliwl do 93 ol
Sl o yp dliw] s S lgi e s Ol Wiy ¥ g ¥ jhuo
0313 Lt e (clmdSid ol o (a8 4 b 0l 5y ile
adolas g et (slas «g)lel Slalio b 5ty 42,51 093

gl 392y ple 4 0dd (o (e 9 (Bly ke (olo (S S
A e dlie by (g )8 g s gl o )b e
A bawgd odd e sloedly 5 Bly slaodly I Lol
d929 bl o iz ol & L el 2520 LVQ pas
5l ol s o 5l glate Blite adids o0 bl ae (8145l

Gl mase aSus Jae las

r s28ly palie e (Gorw S (it dally g e il

o=l bl gls o e wCasl 0ad 0ald L5 ¥ Jois ;s MLP
s cile (S5 ple Jas dslee 45 W] e Cunds By b ¢
2 ole (gpas 4l gl oAl iyl S e oS5 5 (8l
an Soap) b 5l o ye (eSS YU o culps (il
Mol (py=/ e e dvbe/s o) il Sy 4 K035 a9 (oo
2 0Ad i 5 (2Bly (clodld pu pad ol s &Sl sl
MLP e 455 ly e ol &l 5 (R™>+/4) wil o
Lmo] omle (Sew Sy ot dblee pisred ol /¥R ] aSs oS
it SosS salae jl (oye 5 anly 4 o5 laewd sl
aSi D90 30 0 )S ekl LVQ puwae 4 & ol oo cplplo
(Y 3 55)53) Sy o Tase ) oy 1355 (14 ) pSasS
O oy s> (90l 56 b anglie )5 talel 56 155 sl e
= Ol 9 Bly e (ynle (S )S) (s dilee 55 YL
)L.oc\_g)_:iis}si.\_,pjlué)_capbg)&p}sw}lom
K] UL; PR Pb;.il sas dLmAS.,.JB 4\1,..»9; )I)’.é).o :_ﬁs 5 c::l)*ib
39 LagSll ase s )3 winys S (3 98 L MLP 8k
Y ol cewlio 5,)LS' L s ,a 4 (Zhang et al, 2008)
MLP oS e staleil g (3ol s (s lsi 09 5 oo
Sysly s llas By Ly 1y s e b s i ais5 o Wil e
5 smei opl s 4,31 (Zhang and Barrion, 2006) 1l
Cp=red g b ol Wl MLP (RS A 0 CM“‘" Mﬁiﬂ

(S0 bwrgi 205 iy 523Uio) PV g (00315 (28l 323Ua) AV (ot (ol Gt o5 9 (g5 5 (s sl ¥ Jgon
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Fig. 3. Acroptilon repense distribution maps in actual (a, d and g) and classified conditions by LVQNN (b, e and h) and by

MLPNN (c, fandi). The maps of a, b, cand d, e, fand g, h, i have been drawn according to economic threshold of 0, 2 and 4
plants/m? respectively.
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