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12 propabilistic neural network
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3 MultiTracker

4 Kernelized Correlation Filters

5 Optical flow

6 Kernelized Correlation Filters

7 Interframe relationship matrix

8 Densely connected convolution network
% Turning rate (rad/s)

10 Meander (rad/mm)
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20 Dense optical flow
2L Triplet

22 Anchor

2 Batch
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% Accuracy

36 Stochastic Gradient Descent
87 Learning rate

38 Weight decay

39 Momentum

40 Epoch
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28 Binary cross entropy
29 False negative

%0 False positive

%1 True positive

%2 True negative

33 Sensitivity

34 Specificity
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